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Study on medium and long term hydrological forecast based on meteorological drive
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[Abstract] In view of the increasingly obvious trend of global warming in recent years, the frequent
occurrence of extreme weather, and the increasingly severe situation of flood control and drought relief, this
paper is inspired by the ideas of "winter travel in spring, summer will be drought" and "spring travel in winter,
summer will be flood", and the increasingly popular artificial intelligence machine learning prediction
algorithm — random forest algorithm. Using the meteorological and hydrological data of Anhui section of the
Yangtze River for many years as a training set, to verify and explore the effects of the phenomenon of winter
and spring on local floods and droughts, to provide an innovative idea and method for the medium and long
term hydrological forecast, and to prove the wisdom of ancient sages in observing and summarizing the laws
of natural society.
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pip install scikit-learn pandas
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import pandas as pd

from sklearn.model selection import train test split

from sklearn. ensemble import RandomForestClassifier
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from sklearn.metrics import accuracy score
classification report
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X train, X test,y train,y test=train test split(X,y
, test_size=0. 3, random_state=42)
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rf classifier=RandomForestClassifier (n estimators=
100, random_state=42)
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rf classifier. fit (X train,y train)
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y pred=rf classifier.predict (X test)
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accuracy=accuracy_score(y_test,y pred)

print (f’Accuracy: {accuracy:2f}”)

print (classification report (y test,y pred)
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importances=rf classifier. feature importances feat

ure nammes = X.columns

indices = np. argsort (importances) [::—1]

plt. figure (figsize=(10,6))

plt. title (“Feature Importances”)

plt. bar (range (X. shape[1]), importances[indices], ali
gn=“center”)

plt. xticks (range (X. shape[1]), feature names[indices
1, rotation=90)

plt. show()
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